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'k Through Rate & Impressions  Conversion Rate & Cost Cost Per Click
Cks, CTR, and Impressions by Conversions Rate and Cost / Conv. by Cost, CPC, and CPM
Clicks CTR Impressions Conversions Conv. rate Cost / conv. Cost Avg. CPC Avg. CPM

1.5K 28.6% 5.3K 197.2 12.9% $2.81 §554.78 $0.36 $§104.24
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Top Campaigns Device Breakdown
by CTR, Avg. CPC, and Cost / Conv. by Clicks, Cost, and Conversions
Campaign Avg. CPC
1 1000549 | Google Analytics Demo | DR | ma. $0.23
2 1000549 | Google Analytics Demo | DR | ma. 6 $0.56
3 1000549 | Google Analytics Demo | DR | ma. 2 3 $0.75

1000549 | Google Analytics Demo | DR | ma. 2 % $1.04

1000549 | Google Analytics Demo | DR | ma. -85% $0.76

1000549 | Google Analytics Demo | DR | ma. 34% $0.88 .
Conversions

1000549 | Google Analytics Demo | DR | ma. $1.36

1000549 | Google Analytics Demo | DR | ma. 33% $0.87
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